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Evaluation environment

Propose:

(4 worker node)

CPU: Xeon E5-2603 with 64 GB RAM

GPU: Nvidia Tesla K20

NIC: Intel 82599 10 Gigabit Ethernet Controller

(1 aggregation node)
FPGA: Xilinx VC709.

SHArP [7]:

(128 worker node)

CPU: Intel Two 14-core Broadwell with 256 GB RAM
HCA: Mellanox ConnectX-4 HCA 100 Gigabit InfiniBand.

(8 aggregation node)
Switch: Mellanox SwitchIB-2.



